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The application of artificial intelligence in image processing is being investigated extensively in life
sciences. We develop and install NIS.ai, an image processing technology that uses deep learning, in NIS-
Elements, which is an imaging software for microscope systems. By integrating NIS.ai with NIS-Elements,
NIS.ai enables users to use advanced deep learning technology easily with tasks such as image
conversion, segmentation and so on. In this study, we show that users can obtain accurate analysis
results with minimal effort using NIS.ai. First, we confirm that the analysis using NIS.ai for images of
unstained cells exhibits the same accuracy as that of the conventional analysis for images of stained
cells. Second, we demonstrate that the effects of staining reagents and the phototoxicity that occurs when
capturing fluorescence images can be avoided by utilizing NIS.ai. Finally, we demonstrate that by
incorporating NIS.ai into NIS-Elements, automatic imaging, which is difficult to achieve using conventional
image analysis, can be achieved, and a new value can be obtained.
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Truth Positive Negative Positive
30 24 22 22 2 0 0.96
50 65 63 62 3 1 0.97
80 73 69 67 6 2 0.94
100 101 99 89 12 10 0.89
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